MIHICTEPCTBO OCBITU I HAYKU YKPAIHA

TepHOMILCHKUI HAIIIOHAJIbHUN TEXHIYHUIA YHIBEPCUTET
imeHi1 [Bana Ilymos

Kadenpa nporpamHoi inxkeHepii

MeToanuHi BKa3iBKH JJI CAMOCTINTHOL
poooTH

3 QUCLIMILUTIHUA
«Po3nogiseni Ta napaJjeJibHi cicTeMH 00YHCIEHb»

CEH ID: 6843

1151 37100yBaviB TPETHOTO (OCBITHRO-HAYKOBOTO) piBHSA BHIOi ocBiTH OHIT
«[HxeHepis nporpaMHOro 3abe3neveHHs»

Tepnomus — 2025



VK 004.4(075.8)
bbK 32.973.202473
b8&3

Ykaagau:
B.M. Bpegyc, PhD

Penenzent:
B.B. dnumuH, K.T.H., JOLEHT

3aBiflyBad KadeIpyu CUCTEM LITYYHOrO 1HTENEeKTY Ta aHauidy AaHux THTY im. L. Ilymos

PosrisHyTO i 3aTBEpakeHO Ha 3acilaHH] KadeIpu NporpaMHoi 1HKEeHepii.
[Tporokon Ne 16 Bix 29.05.2025.

PosrnsiHyTo #i 3aTBepak€HO Ha 3aciJaHHI METOJUYHOI KOMiCii (paKyJbTeTy KOMI I0TEPHO-
iH(popMaliiiHUX CUCTEM Ta MPOrpaMHOi 1HkeHepii TepHONIbCPKOro HalllOHAJIBHOTO TEXHIYHOTIO YHi-
BepcuteTy iMeHi [BaHa Ilymoos.
[Tpotokon Ne 5 Bix 05.06.2025.

b83  MetonuuHi BKa3iBKU UIsi CAMOCTIHHOT poOOTH 3 JUCHUILTIHU «Po3mofineHi Ta napasiesbHi
cuUcCTeMHu OOYMCIIeHb» Il 3100yBaviB TPEThOTO (OCBITHbO-HAYKOBOro) piBHs BuIloi ocBitu OHII
«[mxeHepis mporpamHoro 3abe3nedeHHs» / Ykianad: bperyc B.M. — TepHoninb: THTY imeni IBana
[Tymos, 2025 — 24 c.

BignosigaabHuii 3a Bunyck: M.P. [leTpuk, 1oKT. ¢i3.-MaT. HayK, ipocecop

© bpesyc B.M., 2025

© TepHONUIBCHKMI HAIIIOHAJILHUI TeXHIYHUI yHIBepcuTeT iMeHi IBana [lymos, 2025



AHOTAIIIA

L{i MeTomU4HI BKa3iBKU JIJISI CAMOCTIHOT pOoOOTH 3 TUCIMILIIHKA «Po3mnojisieHi Ta mapaiesbHi
CUCTEMH OOUYMCIIeHb» CIIPSIMOBaHi Ha (popMyBaHHs y 3100yBayiB BUIIOi OCBITH (paXOBUX KOMIETEH-
THOCTEH Ta JOCIAHUIBKUX 3A10HOCTeN, HEOOXiJHUX AJIsl IPOEKTYBAHHS Ta PO3POOKH PO3MOAIIEHUX
00YMCITIOBATIBHUX CUCTEM.

PexkomMeHanii rpyHTYIOTbCSI HA KOMIUIEKCHOMY HAaCKPi3HOMY MPOEKTI, IO OXOIUIIOE MOBHUIA
IIUKJT pO3pOOKHU PO3MOALIEHOI cUCTeMU 0OpOOKY JaHUX — Bijl BUBYEHHS (DyHIaMEHTAIBHUX MTPUHIIH-
mniB (Teopema CAP, Mozaeni y3rogkeHocCTi, BIIMOBOCTIMKICTb) 1O MPAKTUYHOI peasizalii 3 BAKOpUCTa-
HHAM Apache Spark Ta PySpark.

MeToauuHi BKa3iBKM OpI€EHTOBAHI Ha MPaKTUYHE OMAaHYBAaHHsS HABUUOK MapasesibHOi 00poOKu
BEJIMKUX JaHUX, PO3POOKU MOJIe/Iell MAITMHHOTO HABYaHHS Y PO3IOIiIECHOMY Cepe/IOBHII Ta KOHTEH-
Hepu3allii aHaJTiTHYHUX 3aCTOCYHKIB.

Bunannas npusHaueHe i 3100yBadiB TPEThOTO (OCBITHBO-HAYKOBOI'O) PiBHSI BUILOI OCBITH
OHII «Inxenepis mporpamMHoro 3abe3nedyeHHs» Ta periaMeHTye MOPsAOK OpraHizallii caMoCTiiHOI
poOOTH Ti/1 Yac BUKOHAHHS MPAKTUYHKX 3aB/IaHb.

Bono micTuTh AeTasibHI 3aBJaHHs, TEOPETUYHI BIIOMOCTi, METOAMYHI peKOMEHAAIIi1 Ta BUMOTH
J10 o(popMJIEHHS PE3YJIbTATIB AOCIIJ)KEHb.

Martepianu OyayTh KOPUCHHUMHU TaKOX IS aCIiPAHTIB, HAYKOBIIIB Ta iHXKEHEPIB, sAKi CIieliai-

3YIOThCS Y TATy3i PO3MOJIIEHUX CUCTEM Ta MapajiebHUX OOUUCIICHb.

KurouoBi cjioBa: posmnofijieHi cucteMu, napajieiabHi oduncieHHs, Apache Spark, PySpark,

teopeMma CAP, MallMHHEe HaBUaHHS, KOHTEHEepU3allisl, METOINYHI BKa31BKU.



ABSTRACT

These methodological guidelines for independent study of the discipline “Distributed and
Parallel Computing Systems” are aimed at forming professional competencies and research abilities in
higher education students necessary for the design and development of distributed computing systems.

The recommendations are based on a comprehensive end-to-end project covering the full
development cycle of a distributed data processing system — from studying fundamental principles
(CAP theorem, consistency models, fault tolerance) to practical implementation using Apache Spark
and PySpark.

The methodological guidelines are focused on the practical mastery of skills in parallel
processing of big data, development of machine learning models in a distributed environment, and
containerization of analytical applications.

The publication is intended for students of the third (educational-scientific) level of higher
education of the ESP “Software Engineering” and regulates the procedure for organizing independent
work during the performance of practical tasks.

It contains detailed tasks, theoretical information, methodological recommendations, and requi-
rements for the presentation of research results.

The materials will also be useful for postgraduate students, scientists, and engineers specializing

in the field of distributed systems and parallel computing.

Keywords: distributed systems, parallel computing, Apache Spark, PySpark, CAP theorem,

machine learning, containerization, methodological guidelines.
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Beryn

Hucnuriina «Po3noisieHi Ta napajiebHi CUCTEMU OOYMCIIEHb» MPUCBSAYEHA PO3BUTKY HABUUOK Ta
KOMIIETEHLIll y MPOEKTYBaHHI Ta po3poOLi PO3NOJUIEHUX CUCTEM OOYMCIEHb Ha OCHOBI Cy4YacHUX
(dpeiimBopKkiB Ta iHCTpyMeHTIB. Lleit mpakTukyM Hajae 3100yBa4aM OCBITHbO-HAYKOBOT'O PiBHS BUITIO|
OCBITH MOXJIUBICTb HAOYTH INTMOOKOTO pO3yMiHHS TEOPETUUHMX KOHIIETIii Ta MPAaKTUYHUX HAaBUYOK
Yyepe3 KOMILIEKCHHUI HACKPi3HMI IPOEKT, KU OXOILTIOE BECH IIUKJI PO3POOKM CUCTEMH MapaliesIbHOi
00pOOKM JaHWX — BiJl BUBYEHHS (DyHJAMEHTAIBHUX MPUHIIMIIIB A0 MPAKTUYHOI peastizailii, OnTHMi-

3allii Ta pO3ropTaHHs B XMapHOMY CEPEIOBUIILI.

IIpu3HayeHHs1 METOAUYHIX BKa3iBOK

[1i MeTonnMYHI BKa3iBKM pO3paxoBaHi Ha 3/00yBaviB TPEeThOro (OCBITHbO-HAYKOBOTO) PiBHS BHUIIOi
ocsiTn OHII «IHXeHepis mporpaMHOro 3ade3NevYeHHs» Ta BU3HAYAIOTh MOPSAOK OpraHizallii camo-
CTiiHOT pOOOTH MPY BUKOHAHHI MPaKTHYHUX poOiT. BKa3iBKM MiCTATH IeTaIbHI 3aB/IaHHS, TEOPETUYHE
HiATPYHTS, METOIUYHI peKOMEeHAallii Ta BUMOTU 10 oOpMIIEHHs pe3y/bTaTiB podoTu. Marepiaau
kypcy noctynHi B CEH THTY im. L. ITymos ID6843.

VYci npakTHuHI poOOTH MOBMHHI OYTH BUKOHAHI 3 JOTPUMAaHHSIM MPHUHIIHIIB aKaJeMidHOi J10-
OpouecHOCTi, BiAMoBiAHO /10 [TonoxkeHHs npo akageMiuHy JOOPOUYECHICTh YYaCHHUKIB OCBITHBOTO TPO-

necy TepHOMJIbCHKOTO HAIlIOHAJIBLHOIO TEXHIYHOIO YHIBepcuTeTy imMeHi IBana [1ymos.

MeTo010 BUBUYEHHSI HABYAJbHOI JUCcHMILTiHN «Po3noiieni Ta mapaJjeibHi

CHCTEMH 00YMCJICHb»

€ (opmyBaHHs y 3100yBadiB IIMOOKOTO, CUCTEMHOTO YSIBJIEHHS PO (hpyHAaMEHTabHI MPUHIIUIIH,
apxiTeKTypy Ta METOAM MPOEKTYBaHHS PO3MNOALIEHUX Ta MapajeibHux cucteM. Kypc oxommoe teo-
PETUYHI OCHOBU po3MofiieHnx odumncieHb (Teopema CAP, Moaeni y3roqxeHocTi, BiIMOBOCTIHKICTb)
Ta iX MPaKTUYHY peajtizaiiio 3 BukopuctanHsam Apache Spark i PySpark mis napanesisHoi 0OpoOku
BEJIMKUX JJaHUX, MAIIMHHOT'O HABYAHHS B PO3IMOALIEHOMY CEpeIOBHIII, a TAKOXK Cy4acHI MiAXOIU 10

KOHTEeHepu3allii Ta XMapHOTro po3ropTaHHs.

3aB/JaHHS HABYAJIbHOI AUCIHUILIIHA

3a pe3yiabTaTaMM BUBUEHHS JUCLMIUIIHMA 3100yBay MOBHMHEH NPOJEMOHCTPYBATU TaKi pe3ysbTaTu
HaBUaHHS:

3narm:

1. dynpameHTanbHI NPUHLIMIM Ta apXiTEKTYPHI MO PO3MOAUJIEHUX Ta MapajejbHUX CUCTEM

0OYHUCJIEHD.

2. Teopemy CAP, moneni y3romkeHocTi gaHux (eventual consistency, strong consistency) Ta ix

34aCTOCYBAHHA.


https://docs.tntu.edu.ua/base/document?id=465
https://docs.tntu.edu.ua/base/document?id=465

3. Ipunumnu 3a6e3nevYeHHs BiAMOBOCTIHKOCTI, perutiKanii Ta MaciTaboBaHOCTI B PO3MOIiIEHUX

cucreMax.
4. Apxitextypy Apache Spark Ta npuHumnm niHuBHX odunciens (lazy evaluation).

5. OcHnogHi ctpyktypu ganux Spark: RDD, DataFrame Ta Dataset, ix nmepeBaru Ta 00J1acTi 3aCTO-

CyBaHHS.
6. Ipununu po6otu Spark SQL Ta onTumizariii 3anuTiB B pO3MOIiJIEHOMY CEPeJOBHIIII.

7. Metonu ouMilieHHs, TpaHcdopMallii Ta arperauii JaHUX 3 BUKopuctaHHsaM PySpark.

8. AJropuTMu MalMHHOTO HaBYaHHs B MLIib Ta moOynoBy koHBeepiB 00poOkH jaHux (pipelines).
9. Texniku ontumizauii Spark-3acTOCYHKIB Ta MOHITOPUHI'Y IPOJYKTUBHOCTI.

10. IIpuHUMOM KOHTEHepU3aLii aHAII THYHUX 3aCTOCYHKIB 3 Docker Ta po3ropraHHs B XMapHOMY

CcepeIOBUIIL.
Bmitn:

1. AnanizyBaTu apXiT€KTYpHI pilIEHHS PO3IOJIJIEHUX CUCTEM 3 TOUKM 30py Teopemu CAP Ta

BUOWPATH BiNIOBIIHI MOJIEJIi Y3TO/IKEHOCTI.

2. TlpoekTyBaTH BiAMOBOCTIiiKi Ta MaciiTabOBaHi PO3MOALIEHI CUCTEMHU 3 ypaXyBaHHSIM BUMOT J10

MPOAYKTUBHOCTI.

3. CreopioBatu Ta MaHinymoBatd RDD Ta DataFrame B PySpark ayia 00po6ku BeqMkux HaOopiB

JaHUX.
4. 3acrocoByBaTu TpaHcdopMmallii Ta [ii (actions) 11 epeK TUBHOI 0OpOOKH pO3IMOIiIeHUX TaHUX.
5. Po3pobnsaru BnacHi ¢pyskuii (UDF) Ta iHTerpyBatu ix y KOHBeepu 0OpOOKH JaHUX.

6. BynyBatu mMozesi MallMHHOrO HaByaHHSA 3 BUKopucTaHHAM Spark MLIib nna knacudikanii,

perpecii Ta KJlacTepu3arii.

7. OnTrMi3yBaTu NPOAYKTUBHICTbh Spark-3aCTOCYHKIB yepe3 HaJlalllTyBaHHs KOHirypauii Ta ap-

XITEKTYpH.

8. KoHreiiHepr3yBaT Ta po3ropTaTi aHAJiTUYHI 3aCTOCYHKM 3 BUKOpHCTaHHAM Docker Ta xmap-

HUX IJ1aTPOpM.
9. IIpoBOAMTH MOHITOPUHI Ta HAJAroAKEHHs PO3MOAIIEHUX 00YUCIIeHb B PeabHOMY Yaci.

BuBYeHHs HABUAILHOI IUCIUILUTIHY Mepea0avae miJCUIeHHS Ta PO3BUTOK Y 3700yBadiB KOM-

IETEHTHOCTEN:



* InTerpanbHa KOMIIETEHTHICTDb. 3/1aTHICTh IPOAYKYBATH HOBI 171€1, pO3B’ 13yBaTH KOMILJIEKCHI
npo6Jiemu npodeciiiHoi Ta/ado 10CIIi JHUIIbKO-1HHOBALIIMHOT AiSIbHOCTI Y cpepi iHxkeHepii npo-
rpamMHOTO 3a0e3MeUeHHs Ta 3 JOTHYHHUX JI0 Hel MiKJUCIUIUTIHAPHUAX HAIIPsIMax, 3aCTOCOBYBATH
METOJ0JI0T110 HayKOBOI Ta NeIaroriyHoi JisyIbHOCT1, IPOBOJUTH BJIACHE HAYKOBE JOCIIIKEHH,

PE3YJIbTATU AKOI'O MAalOTh HAYKOBY HOBU3HY, TCOPETUYHE TA IIPAKTUYHC 3HAYCHHS.

* 3K02. 3naTHicTh po3B’I3yBaTH KOMILUIEKCHI MpodsieMu Y cepi iHKeHepii mporpaMHoOro 3ades-
MIEYEHHs Ta 3 JOTUYHMX A0 Hel MisKAUCIMIUTIHAPHUX HalpsMaX Ha OCHOBI CUCTEMHOI'O HAyKOBO-
'O CBITOIJISIY Ta 3arajIbHOTO KYJIbTYPHOI'O KPyro30py i3 JOTPUMAaHHSIM ITPUHLMIIB podeciiHOi

€THKH Ta aKaJIeMi4HOi JOOPOUYECHOCTI.

e ®KO01. 3naTHicTb iIHTErpyBaTH 3HAHHS 3 PI3HUX T'ajly3eil, 3aCTOCOBYBAaTH CUCTEMHMIA MiAXif Ta
BpPaxXOBYBATH HETEXHIYHI aCTIEKTH MPH PO3B’ A3aHHI KOMILJIEKCHUX MPo0JIeM iHkeHepii mporpam-

HOTO 3a0e3MeueHHs i MPOBeICHHI JOCITiIKEHb.

* ®KO05. 3naTHicTh 10 po3pOOJIEHHSI HOBUX Ta BJOCKOHAJIEHHS iCHYIOUMX MOJENeil, MeTOiB,
3ac006iB, mpoleciB y cdepi iHxeHepii mporpaMHOro 3abe3neveHHs, Kl 3a0e3MevyoTh pO3BU-
TOK 200 HaJalTh HOBI MOXJIMBOCTI TEXHOJIOTisIM pO3POOKH Ta CYNPOBOKEHHsI IPOTPAMHOTO

3a0e3MneyeHHs.
* 31IaTHICTh PO3POOJIATH PO3MO/IiJIeHI Ta 6araToNOTOKOBI 3aCTOCYHKH.
IIporpamsi pe3yabTaTn:

» ITIPHO3. [IponoHnyBaT HOBi e(eKTUBHI METOIU i MOjesi po3poOJIeHHs], BIPOBAIKEHHS, CYy-
MpOBOAY Ta 3a0e3MeueHHs SKOCTI MPOrpaMHOro 3ade3redeHHs Ta YIPaBJIiHHS BiIOBI THAMU

npouecaMu Ha BCiX eTamax XKUTTEBOrO [UKITY.

* ITPHO7. Po3po0asiTi Ta AOCHiAKYBAaTH KOHIIENTYaJIbHI, MATEMaTHUHI i KOMIT I0TEPHI MOei
NPOLIECIB i CUCTEM [JIs1 OTPUMAaHHsI HOBUX 3HaHb Ta/a00 CTBOPEHHs IHHOBAIIIHUX MPOJYKTIB Yy

IHKeHepil MporpaMHOro 3abe3neveHHs Ta JOTHYHUX MiXIUCHUIUTIHAPHAX HarpsMax.

* ITPHO09. ®opmymoBaTi Ta BUpIlIyBaTU 3aJavi ONTAMI3allli, afanTanii, MpOrHO3yBaHHs, Kepy-
BaHHs Ta NPUIHATTS PillleHb MO0 MPOLECiB, 3aCO0iB Ta PeCypciB po3poOKH, BIPOBAIKEHHS,

CYIIPOBOAY Ta eKCIUTyaTallii mporpaMHoro 3abe3rnevyeHHsl.

3aBJaHHSM JICKIIIHUX 3aHATh € 03HAHOMIIEHHS 3100yBayiB 3 (hyHAaMeHTaTbHIMU MPUHIIATIA-
MU PO3MOJiJIEHUX Ta mnapajenbHux cucteM (teopema CAP, Monesni y3romxkeHocTi, BIIMOBOCTIHKICTD),
apxitektypoto Apache Spark, npuHIMIIaMH po3NOALJIEHOT 00POOKM IaHUX, AJITOPUTMAMHU MAIIUHHOTO
HaByaHHs B MLIib Ta cyqacHMMU miiXoaamMu 10 ONTUMI3ALlii Ta pO3rOpTaHHs aHAJI TUYHUX 3aCTOCYH-
KiB.

3aBlaHHsl MPAKTUYHUX 3aHATH TMOJISTA€ Y MPAKTUYHOMY 3aCBOEHHI 3700yBauyaMu HAaBUYOK
pob6otu 3 PySpark st 06poOku Ta aHami3y BeIMKUX HAOOPIB TaHUX, PO3POOKU MOJIEJIeil MAIIUHHOTO

HaBYaHHS Ta KOHTEMHepU3allil 3aCTOCYHKIB JIJIsI XMAapPHOTO PO3rOpTaHHS.



1. TEMATUYHHAU IIJJAH HABYAJIBHOI U CIIUILITHUA

HMucnunina: Po3nofisnieHi Ta napanenbHi CUCTEMH OOUUCIIEHb.

PiBenn: TpeTiii (OCBITHbO-HAYKOBHIA).

CrneniaabhicTb: 121 IHkeHepis nporpaMHOro 3a0e3rneveHHs .

PopmMa KOHTPOJIIO: 3aJiK.

O6csr: 4.5 ECTS (135 roaun): 48 roa. aynutopaux (24 nekiii, 24 npaktiyHi), 87 roj. camocTiitHa

pobora.

[Ipu BUBYEHHI AMCUMILIIHM 3/100yBay O3HAMOMIIIOETHCS 3 (DyHJAMEHTAILHUMU MPUHIUIIAMH,
apXiTeKTypoIo Ta METOJAaMHU IIPOEKTYBAHHS PO3IOAIEHUX Ta NapajeJbHUX cucTeM. TeMaTUYHUI MJ1aH
CKJIAJJA€ThCS 3 JBOX MOJYJIIB, [0 OXOIUTIOIOTh TEOPETUYHI OCHOBHU PO3IOAITIEHIX 00UKCIIEeHb (Teopema
CAP, mozeni y3rokeHocTi, BIIMOBOCTIHIKICTb) Ta IX IPAKTUUHY peali3allilo 3 BUKopucTaHHAaM Apache
Spark i PySpark mis mapasnenbHOi 0OpOOKYM BEJIMKHUX JaHUX, MAITMHHOTO HABYAHHS B PO3IOAIICHOMY

CepelloBUILI, a TAKOXK CYYacHI MiAXOOU 10 KOHTeHHepu3alii Ta XMapHOTo pO3rOpTaHHSI.

1.1 Ctpykrypa 3MiCTOBHX MO/IYJIiB

Monynb 1 ¢popmye 6a3y: (pyHIaMEHTaIbHI MPUHIMITK PO3MOAIJICHUX CUCTEM, apXiTeKTypy Apache
Spark, podoty 3 DataFrame Ta Spark SQL, iHxeHepito 03HaK Ta OUMIIEHHs AaHUX. MOIyJb 2 MOTIH-
omoe: maimHHe HaByaHHs 3 MLIib, 3actocyBanHs Mmogeneil perpecii Ta knacudikailii, HalaroakKeHHs

Ta onTUMI3alliio Spark-3aCTOCYHKIB, pO3rOpTaHHS B PI3HUX CEPEAOBUIIAX.



1.2 TemaTuunmi miaaH (JIEKii)

Ne  Tema 3aHATTA Ta KOPOTKHUH 3MiCT JPH 3PH

Moayas 1

1 Tema 1. dynaaMeHTaNbHI NMPUHIMNHN PO3MNOIiJIEHHX CH- 2
creM. ApxiTekTypHi mofei, Teopema CAP, moneni y3romxke-

HOCTI.

2  Tema 2. Beryn no Apache Spark ta PySpark. Apxitektypa 2

Spark, RDD, niHuBi 0o04YuCIeHHS.

3 Tema 3. Pooora 3 DataFrame Ta Spark SQL. CtBopeHHs, 4

TpaHcdopmaii, Aii (actions), Bukopuctania SQL-3anuris.

4 Tema 4. In:xkeHepisi 03HaK Ta ounineHHsl qaHux. Pobora 3 4

PI3HUMU THUTIAMM JAaHKUX, 00’ €JHAHHS HAOOPiB, OUMIIICHHS.

Moayan 2

5 Tema 5. Beryn no mammanaoro Hapuauust 3 MLIib. [Tooyno- 4

Ba KOHBe€piB (pipelines), OCHOBHI aJrOPUTMH.

6 Tema 6. 3acTocyBaHHsI MojieJieil perpecii Ta Kaacugikartii. 4

[TpakTiyHiI IpUKJIAAA Ta OLIHKA MOJEJIEH.

7 Tema 7. HanaromkeHHss Ta onTtuMmizania Spark- 2
3aCTOCYHKIB.  MOHITOpUHI, NpO(UIIOBaHHSA,  TEXHIKU

onTuMizari.

8 Tema 8. Posropranunst Spark-3acrocyHkiB. Pexumu posrop- 2
taHHA (Standalone, YARN, Kubernetes).

Ycboro roaun 24

1.3 IIpakTuyHi 3aHATTA (MPUKJIATHAN HACKPIZHUI MPOEKT)

[TpakTr4aHi poOOTH OpraHi3oBaHi HABKOJIO HACKPI3ZHOTO MPOeKTY «CrcTeMa aHAJI3y BeJIMKUX JaHUX
3 BukopuctaniasiM Apache Spark», mo 6a3yetscss Ha poOOTi 3 peanbHUMU HAOOpaMU AAHUX IS

posrmoaiaeHoi 0OpoOKH, MAIIMHHOTO HABYAHHS Ta PO3rOPTaHHS B XMAapHOMY CEepeJOBHILII.



Ne  Tema 3aHATTS Ta KOPOTKHI 3MicCT JPH 3PH

1 IIPNel. OcHoBu podotu 3 PySpark Ta ananiz nanmnx. 6

2 IIPNe2. In:xeHepist 03HAK Ta MOOY/10BA KOHBEEPA 00POOKH. 6

3 IIPNe3. Ilo6ynoBa Ta omiHKa MojieJi MAIIMHHOTO HABYAH- 6
HSL.

4 IIPN4. Onrumisanisi Ta iHTepnperanisi pe3yJbTaTiB. 6

Ycboro rognn 24

1.4 Camocriitna podora

PexomMeH10BaHi HampsIMU CaMOCTIHOTO OIPALIOBAHHS y3TrOKEHI 3 JIOT1KOIO MOTTMOIEHHS MaTepiay.

Ne  HaiiMeHyBaHHSI PoOiT JPH 3PH

1 Anroputmu KoHceHcycy: Paxos Ta Raft. AHani3 Ki11040BUX Ha- 6

YKOBHUX Ipallb.

2 TlopiBHsIBHUIA aHAJTI3 apXiTEKTYp MOTOKOBOI 00poOKm: Spark 6

Streaming vs. Apache Flink.

3 Ilapaneni3m JaHMX Ta MOJEJEH y PO3MOAIIEHOMY HaBUYaHHI 6

rmOokux mepex (Horovod).

4  BuytpimHsa apxitekTypa Spark: ontumizatopu Catalyst Ta 7
Tungsten.
5  Cyuachi xmapHi natepau: Service Mesh ta Serverless (FaaS) 7

1A pO3I'IO)1i)'ICHI/IX CHUCTEM.

6 IligrotoBka 10 MPaKTUYHUX 3aHSIThH 30

Ycboro rognna 62

1.5 OuikyBaHi pe3yJbTaTH ONIAHYBAHHS TEMAaTHYHOIO IJIAHY
[Ticns 3aBepiieHHs TeM 3700yBay MOBUHEH:

* PO3yMiTU (PyHAaMEHTa/IbHI IPUHLIMIIN Ta apXITEKTYPHI MOZEJI PO3MOALJIEHUX CUCTEM;

* aHa/lI3yBaTH apXiTEKTYPHI pillieHH:A 3 TOUKU 30py Teopemu CAP Ta Mozeneil y3rofkeHocTi;
e cTBOpIOBaTH Ta MaHinymoBatd RDD Tta DataFrame B PySpark;

* 3aCTOCOBYBaTH TpaHcopmallii Ta Aii 1715 e(peKTUBHOI 0OPOOKHU pO3MOIITICHUX JaHHX;

* pospobustu BiacHi pyHkilii (UDF) ta iHTerpyBartu ix y KOHBeEpU 0OpOOKH JTaHUX;
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* OyayBaTH MOJEJi MAIIMHHOTO HAaBYaHHS 3 BUKOpUCTaHHsAM Spark MLIib;
* ONTHUMI3YBaTU NPOLYKTUBHICTb Spark-3aCTOCYHKIB Uepe3 HajlalllTyBaHHs KOH(Irypariii;
* KOHTEHEepU3yBaTH Ta PO3rOPTaTHU aHAJTITUYHI 3aCTOCYHKHM 3 BUKopucTaHHAM Docker;

¢ IPOBOOAUTH MOHiTOpI/IHF Ta HaJIaroaX€HHA pO31’IOI[iJ'ICHI/IX 00YNCIIEHD.

1.6 OCHOBHI KOMIIOHEHTH HACKPi3HOT0 MPOEKTY

Hani: Benmki HaOopw aHuXx IS po3mnofiieHoi 0opooku (CSV, JSON, Parquet).

IIpomixkni apredpakTu: Spark-cecist, monymi ETL, kouBeepn 06poOku o3Hak, Mozaeni MLIib, koH-
TEAHEPU30BAHUI 3aCTOCYHOK.

MeToanuHi aknieHTH: e(PeKTHUBHICTh PO3IMO/iIeHOi 0OPOOKH, ONITUMI3alli sl POJYKTUBHOCTI, MacIITa-

OOBaHICTh PIllICHHS.

1.7 KopoTki KpuTepil O1[iHIOBaHHSA
* [loBHOTa BUKOHAHHS MNPAKTUYHUX €TaIliB (KOA + MOSCHEHHS).
* EdekTuBHicTh BUKOpUcTaHHs Spark-(pyHKIIIOHATY Ta ONTUMI3allii.
* fkicTh moOynoBaHMX MOJEJIeil MalIMHHOIO HaBYaHHS Ta iX BaJsiJarlii.
* CTpyKTYpOBaHICTb KOAY Ta SIKICTb JOKYMEHTALlIi.

* AxajemiuHa JOOpPOYECHICTh (OPUTiHAIBHICTD peaisallii, KOpEeKTHI MOCUIaHHS).

1.8 PekomeHn10BaHi iHCTPyMeHTH

Python, PySpark, Apache Spark, Jupyter Notebooks, Docker, Spark MLIib, pandas (151 nokanpHOi
00poOkum), matplotlib Ta seaborn (u1s Bisyauizaiiii), npu posmupenHi — Kubernetes 151 opkectpartii

KOHTEHHEPIB Y XMapHOMY CEpEIOBHIII.

1.9 ba3zoBi Ta JonOMIKHI JKepesa

[Mepenik niTepaTypH it peCcypciB HaBeICHO Yy BIAMOBIAHOMY PO3/IijTi BUIAHHS (JUB. IIOBHY poO0Yy MpO-
rpamy). PekomenmoBano posmnouatu 3 Kleppmann «Designing Data-Intensive Applications» (2017)
ta Chambers & Zaharia «Spark: The Definitive Guide» (2018).

1.10 ITpumiTku MO0 aganTamii MIaHy

TemaTUUHMIA JTaH MOXE KOPUTYBaTUCS (OHOBJIEHHS MPAKTUYHUX KEHCiB, MOJIEpHi3allisl iHCTpyMeHTa-

piio) 3a pilieHHAM Kadeapu 3 pikcalli€lo 3MiH y MPOTOKOIAX.

11



2. BATAJIBHI PEKOMEHJAII 10 OPTAHIBAIIII
CAMOCTIVHOI POBOTH 3 JUCIUILITHA

OO00B’ I3KOBMM €JIEMEHTOM YCIIIITHOTO 3aCBOEHHS HABYAJIbHOTO MaTepialy AUCIMIUTIHY «Po3noaineHi
Ta MapajesbHi CUCTEMH OOUUCIIEHb» € CaMOCTiliHA poOoTa 3100yBayiB 3 BITUYM3HSHOI 1 3apyO0iKHOK0
JITEpaTypoio.

CamocriitHa poO0OTa € OCHOBHUM 3acOOOM OBOJIO[IIHHSI HABYAJILHUM MaTepialioM y 4ac, BiJlb-
HUIA BiJl HOPMOBAHUX HAaBYAJIbHUX 3aHATh, TOOTO JEKLIHHUX 1 MpakTUYHUX. OCcOOIMBO BaXKJIMBOIO €
caMocTiifHa poOoTa 3 JIOCIIiIKeHHSI CyYaCHUX HAyKOBUX ITyOJTiKaIliid y raiy3i po3MOJiIeHUX CUCTEM,

AJITOPUTMIB KOHCEHCYCY Ta TEXHOJIOTi! BEJIMKUX JTaHUX.

2.1 OcHOBHi BHI{ CAMOCTIHHOI poO0OTH

Ha ski moBuHHI 3BepTaTH yBary 3100yBavu:
* BUBYEHHS JIeKLiliHOro MaTepiany 3 (pbyHAaMEHTAIbHUX MPUHIUIIIB PO3MOIIEHUX CUCTEM;
* ONpAlIOBAHHS Ta BUBUEHHS PEKOMEH/I0BAHOI HAYKOBOI JIITEPATypH Ta aKTyaJIbHUX CTaTel;
* MiArOTOBKA [0 NMPaKTUYHUX 3aHATh 3 PySpark Ta Apache Spark;
* BUKOHAHHS NPaKTHYHUX 3aB/IaHb 3 OOPOOKM BEJIMKHUX JJAaHUX Ta MAIIMHHOTO HaBYAHHS;
* JIOCJI/IKEHHS aNropuTMiB KoHceHcycy (Paxos, Raft) Ta cydyacHux apxiTekrtyp;
* aHaJI3 KeHCiB XMapHUX IJIAT(POPM Ta KOHTEHHEPHUX TEXHOJIOT1H;

* MiJIFOTOBKA /10 MOTOYHOI'O Ta MiICYMKOBOI'O KOHTPOJIIO.

2.2 OnpamoBaHHs JEKI[IHHOT0 MaTepiaty

VY cuctemi pizHuX (POPM HaBUATLHO-BUXOBHOI pOOOTH OCOOJIMBE MicCIle HaJIe)KUTh JISKIIi1, e BUKIaJad
Hajia€e 3100yBady OCHOBHY iH(OpMallilo, HaBYa€ pO3MipKOBYBATH, aHAJI3yBaTH, JOMIOMAarae OrnaHyBaTH
KJIIOUOBI 3HAHHS, a TAKOX CIIPSIMOBYE CAMOCTIiiHY poOOoTy 3/100yBava.

3B’ A30K JIEKIIi1 1 caMOCTilHOT poOOTH 3100yBaya po3IISIIAETHCS B TAKUX HAIPSIMAaXx:

* JIEKIIisl K TOJIOBHA MMOYATKOBA JIAHKA, 110 BU3HAYAE 3MICT 1 00CAT CaMOCTiiHOT pob6oTH 3100Y-

Baya;
* METOJMYHI MPUIOMHU YUTAHHS JIEKIIil, 0 aKTHBi3yIOTh CAMOCTIiiiHY poOOTYy 3700yBaviB;

* camocCTiifHa po0oTa, sIKa CIIpUsiE€ MOITUOJIEHOMY 3aCBOEHHIO TeMH Ha 0a3i MpOCIyXaHoT JIEKIIil.
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[Nepimit eran caMOCTiHHOI POOOTH MOYMHAETHCS 3 MPOLIECY CIIyXaHHS 1 3aNMCyBaHHs JIEKIIii.
[TpaBUIbHO CKJIAAEHUI KOHCIIEKT JIeKIlii — Haiie(heKTUBHIIIMI 3aci® CTUMYTIOBAaHHS IOAAJIBINOL ca-
MOCTiifHO1 poO0TH 3/100yBaviB. 3100yBaY MOBUHEH YiTKO YCBITOMHTH, IO KOHCIIEKT — I1¢ KOPOTKUIA
TE30BUil 3alKC rOJOBHUX MOJIOKEHb HaBYAJILHOTO Matepiany. CKi1aJaHHs 1 BUBYEHHS KOHCIEKTY —
MEepIINiA eTan caMOCTiHHOI poOoTH 3400yBaya Hall BUBYEHHSIM TeMU uM po3niay. KoHcnekT morio-
Mara€ B pallioOHaJIbHIN MiATOTOBII 0 MPAKTUYHUX 3aHATh, 3aJIKy, Y BU3HAYCHHI HANPsAMY 1 00CsTy
MOAAJIBIIOT pOOOTH 3 JIITEPATYPHUMH JKEPETaMH.

[Tig yac miAroTOBKY [0 JIeKIii 3100yBayd MOBUHEH OMpPAIlOBATH MaTepiall MonepeaHo1 JIEKIIii 3
BUKOPUCTAHHSIM MiAPYYHMKIB Ta IHIIUX JKepes JitepaTypu. Ha nekiiisx BUCBITJIIOIOTH TiJIbKA OCHOBHI
TEOPETUYHI MOJIOKEHHsI Ta HAWOLIBII aKTyasbHI MPOoOJIeMy, TOMY OiJIBIIICTb MATaHb BUHOCUTHCS HA

CaMOCTIiHE OIpaLlOBaHHS.

2.3 IligroroBKa 40 NPAKTHYHUX 3aHATH

[TinrotoBKa 10 MPAKTUYHUX 3aHATh PO3MNOYMHAETHCS 3 OMPALOBaHHS JEKLIMHOIO Ta METOAUYHOIO
MaTepialy [0 3aJaHOrO 3aHATTA. 3100yBay NOBUHEH CaMOCTIHO O3HAHOMUTHCA 3 BiIIOBIAHUM pPO3-
JiIoM po0OOYOi MPOrpamMu, MiAroTyBaTH BiJIOBII HA KOHTPOJIBHI 3aNIMTAHHS, SIKi MMOJaHi B MpOrpami
y NEBHiil OCJIIJOBHOCTI 3T1IHO 3 JIOTIKOIO 3aCBOEHHS HABYAJILHOIO MaTepiay.

[MpakTuHi poOOTH 30arayyloTh i 3aKpITUTIOIOTh TEOPETUYHI 3HAHHS 300yBaviB, PO3BHBAIO-
M IXHIO TBOPYY aKTUBHICTh, JOMOMAraioTh y HaOYTTi MPAaKTUIHUX HABUYIOK POOOTH 3a TPEAMETOM
HABYAJIbHOI AUCLUILIIHU.

VY mpotieci miArOTOBKY 0 MPAaKTUYHUX POOIT caMocTiiiHa poOoTa 3100yBadiB € 000B’ I3KOBOIO
JaCTMHOIO HaBYAJBbHOI PoOOTH, Oe3 fKOi yCHillHe 1 SIKiCHe 3aCBOEHHS HABYAJIBHOTO Martepiany He-
MoxJmBe. Lle cBiUMTh MpO HEOOXiAHICTh KepyBaHHS CaMOCTIHOI po0OTOI0 3700yBaviB 3 OOKY
BUKJIaJlauya 3aB/sSKM POBEJCHHIO 11IIECTIPSIMOBAHUX OPraHi3alliifHuX 1 KOHTPOJIbHUX 3aXO/iB.

Bukiamad y BCTymHi# Jieknii pekoMeHIye 3100yBadaM OCHOBHY i JOIATKOBY JiTepaTypy, a
TaKOX METOJIWYHI peKOMEeHAaIii 70 caMOCTiHHOI poOOTH Ta OO OpraHizaiii MpaKTUYHHUX POOIT 3
JUCUUIUTIHM. Y METOJMYHMUX BKa3iBKaxX 3 KOXKHOI TEMH HaBEJEHO MepeiK MUTaHb 1JIs TEOPETUYHOI
HiATOTOBKM JJO 3aHATTS.

VY pa3si, kom 37100yBay He MOXE CAMOCTIHHO po3iOpaTucs B SIKOMYCh NMUTaHHI, BIH MOXe
OTpUMAaTH KOHCYJIbTALIII0 Y BUKJIaAaya (3rigHo 3 rpadikoM NpoBeIeHHsI KOHCYJIbTAallli BUK/IaJadyaMu
kadenpu). [JoOpe opraHizoBaHi KOHCY/bTaIlii JO3BOJSAIOTH CIIPSMYBATH CaMOCTIHY poOOTYy B MOTPi-

OHOMY HampsiMi, 3pOOUTH PaIliOHATIBHOIO 1 TABUIMIUTH ii €(DeKTUBHICTb.
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2.4 CTpyKTypOoBaHa mporpamMa caMocCTiiHOI po0oTH

Ne  HaiimeHyBaHHSI PO3/IiJIiB cCAaMOCTilTHOI po0oTH NPH 3PH
1 Anroputmu koHceHcycy: Paxos Ta Raft. AHani3 kKimo4oBux Ha- 6 -
YKOBHUX Ipallb.
2 TlopiBHsUTbHUIA aHAITI3 apXiTEKTYp MOTOKOBOI 00poOKm: Spark 6 -
Streaming vs. Apache Flink.
3 Ilapanenizam gaHux Ta Mofesiell y pO3MOALIECHOMY HaBYaHHI 6 -
rmbokux mepex (Horovod).
4  BuytpimHsa apxitektypa Spark: ontumizatopu Catalyst Ta 7 -
Tungsten.
5 CyuacHi xmapHi natepuu: Service Mesh ta Serverless (FaaS) 7 -
1J1s1 pO3MOJIIEHUX CUCTEM.
6 IligroroBka 10 NPaKTUYHUX 3aHAThH 30 —
7  IliaroroBka A0 IMiJCYMKOBOIO KOHTPOJIO 25 —
Paszom 87 -

2.5 PexoMeH10BaHA MOCJIiIOBHICTH POOOTH

JJIs1 KO?KHOTO MOZYJIS:

1.

Eran 1 — IligroroBka a0 Jekniil. [Ipounrtaiite CTHCAMIA OIS TEMH 3 PEKOMEHIOBAHOI

JiTepaTypu nepej JeKUi€, o0 OTpUMAaTH 3arajbHe pOo3yMiHHS MaTepiaiy.

. Eran 2 — CuyxaHHs JIeKIil Ta KOHCIIEKTYBaHHsA. AKTUBHO CJyXalTe JIeKIII0, 3amucyiTe

KJIIOUOBI KOHIIEMIi{, MPUKJIAIX Ta BACHOBKU BUKJIa1aya.

. Eran 3 — OnpamoBanHs1 KOHCIIEKTY. Bisipa3sy miciis jekuii neperissHeTe KOHCIEKT, yTOUHITh

HE3PO3YMiJIi MICLIfl, IONIOBHITh KOHCIIEKT 1H(OPMAIIIEI0 3 TOCUJIaHb.

. Etan 4 — Iloriu6saeHe BuUBYeHHsA TeMu. [IpounTaiiTe BiANOBiAHI PO3ALIM MiAPYYHUKIB Ta

MoHorpadiii 3 peKOMEHJOBAaHOTO CIMCKY JIITepaTypH, OCOOJIMBY yBary MpUAUITE aKTyaJIbHIM

HAyKOBHUM CTaTTsM 3 PO3NOJUIEHUX CUCTEM.

Eran 5 — IligroroBka 10 MpakTHYHOro 3aHATTs. BcTaHOBITH HEOOXijHE MporpaMHe 3a-
oesneuennst (PySpark, Docker), o3HaiiomTecst 3 nokymeHrarieio Apache Spark, miaroryire

BIJINOBi/Ii HA KOHTPOJIbHI 3alTUTaHHSI.

Etan 6 — BukoHaHHs npakTHYHOT pOOOTH. AKTUBHO OEpiTh yUacTh y MPAKTUYHOMY 3aHSATTI 3
PySpark, Bukonyfite 3aBnaHHs 3 0OpoOKM BEJMKHX JaHUX Ta MAlIMHHOTO HABYAHHs, 3a1aBaiiTe

IIUTaHHA.
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7. Eran 7 — 3akpinieHHs marepiajy. EkciepumeHTyiite 3 pi3HUMU HalalITyBaHHAMM Spark-
3aCTOCYHKIB, JOCIIKYHTE JOAATKOBI 010/1i0TEKM Ta IHCTPYMEHTH 7151 PO3IIMPEHHS PO3YMiHHS

TEMU.

8. Eran 8 — IliaroroBka g0 MOAYJIbLHOr0 KOHTPOJI0. IIoBTOpiTH Bech maTepiaq MOy,

PO3B’ SKITh TECTOBI 3aB/aHHs, TOTYHATECS O TECTYBaHHS.

2.6 Ilopaau moao epeKTHBHOI CAMOCTIITHOI poOOTH

 IlnanyBanHs yacy. Po3nofisnite caMoCTiiiHy poOOTY PIBHOMIPHO ITPOTSATOM CEMECTPY, YHUKAli-

TE «IITYpMY» Tepe]] iICTIUTOM.

e Opranizanisa po6odoro mpoctopy. CTBOPiTh YMOBH 711 KOHIIGHTpAIlii YBaru: YUCTHUI CTiJ,

MiHIMYM BiJIBOJIIKaHb, HEOOX1/IHI MaTepiaH.

* AkTHBHe yuTaHHA. He mpocTo umraiite TEKCT, ajne i poOiTh HOTATKH, CKJIAJaliTe CXeMH,

CTBOPIOITE OMOPHI KOHCHIEKTH.

® HpaKanHe 3aCTOCYBAHHAI. Hawmararitecs 3aCTOCOBYBATH TCOpeTI/I‘lHi 3HAaHHA OO pO3B’5{3aHHH
MNpaKTUYHUX 3ada4d 3 O6pO6KI/I BCJIMKUX JaHUX, CKCHCpHMCHTyfITC 3 p13HI/IMI/I AJIrOpuTMaMun

MAIIMHHOr0 HaByaHHda B MLIib.

* B3aemonis 3 ogHoJiTkKaMu. OOroBopIoiiTe CKJIa{HI MUTAHHS PO3MOAIIEHUX CUCTEM 3 OHOTPY-
ITHUKAaMHU, CTBOPIOMTE CIIbHI MPOeKTH 3 Apache Spark, AiniThCs AOCBIAOM HajlaroJK€HHs Ta

onTUMI3aIli.

* Koncysbramii 3 BukJjagaueM. He crpumyiitecst 3BepTaTucs 3a JOIMOMOTOI0, KOJIM BUHUKAOTh

TPYIHOIL B PO3yMiHHI MaTepialy.

* PerynsipHe noBropeHHsi. [loBropioiite paHilie BUBUSHUI MaTepial, 100 3aKpilUTA 3HAHHS Ta

3aro6irTv ix 3a0yBaHHIO.
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4. CHCTEMA IIOTOYHOTI'O ¥ ITIIJICYMKOBOI'O
KOHTPOJIIO 3HAHD 3/106bYBAYIB

4.1 ®opMHu KOHTPOJIIO

OniHOBaHHS 3HaHb, BMiHb 1 HABMUOK 3400YyBayiB BKJIIOYAE Ti BUJHU 3aHSTh, SIKi 3T1/IHO 3 MPOrpPaMoio
HaBYAJIbHOT JIUCIUILUIIHN «PO3Mo/iJieHi Ta mapajelibHi CUCTEMH OOUKCIICHb» Mepe10avaloTh JeKIiiHi,
MPAKTUYHI pOOOTH, CAMOCTIIHY POOOTY.

[TepeBipky i OliHIOBaHHS 3HaHb 3/100yBaviB MPOBOJSTh B HACTYNMHUX (hOpMaXx:

* OIlIHIOBaHHS POOOTH 1 3HaHb 3100YBaYiB IiJ] Yac MPAKTUIHUX 3aHSTH;
* OI[IHIOBAaHHSI BUKOHAHHS 1 3aXKMCT MPAKTUYHUX POOIT;
* CKJIa/IaHHS MPOMI’KHOTO KOHTPOJIIO 3HaHb 32 3MiCTOBUMU MOJY/ISIMU (MOAYJIbHUI KOHTPOJIb);

* 3/1a4a 3aJIKOBOT'O TECTYBaHHS.

4.2 MoayabHU KOHTPOJIb

JlJ1s KOXKHOTO 3MiCTOBHOT'O MOAYJIS TMepedayeHo neBHy (opMy MOTOYHOTO KOHTpoio. Pesynbratu
MOTOYHOTO KOHTPOJII0 aBTOMAaTUYHO, 0e3 ydyacTi 3700yBaya, 3apaxoBYIOThCS MPU MOAYJIBHOMY KOH-
TPOJII.

MakcumaJbHa oninka npu I MoayjabsHOMY KOHTpPOJIi — 40 6aJ1iB:
» Teopernunmii Kypc (TectyBaHHs): 20 6ajiB
* [IpakTnuna podota: 20 OaiB

MaxkcnmanbHa oninka npu I mogyibHOMY KOHTpPOJII — 35 GamiB:
* Teopetnunmii Kypc (TectyBanHs): 20 6amiB

* [IpakTuuna podota: 15 OGaniB

4.3 IliacymMKOBHi KOHTPOJIb

[TizcyMKOBHiT KOHTPOJIb 3AIMCHIOETHCS Y (POPMI 3aTiK 3 MAKCHMAIIBHOIO OLIIHKOIO 25 GaiB.
MakcumaJbHa OiHKa HaBYaJbHOI quctuiutinn — 100 6aJis.

Posmnoais 6astiB Misk MOTYJISIMU:
* Monyns 1: 40 6ainiB
* Monyns 2: 35 6ainiB

e 3aiik: 25 6aniB
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4.4 KpuTepii oniHIOBaHHS 32 KOMIIOHEHTAMU

TeopeTnunuii Kypc (TecryBaHHs): OIIHIOETHCS NIMOWHA PO3YMiHHS TEOPETUIHOTO MaTepiaiy, 3Ha-
HHsI OCHOBHMX KOHIIETIIii 1IeHTUiKallil cucTeM, METO/IiB aHaJIi3y Ta MOJIEJIIOBaHHS.
IIpakTuuni podoTu: OiHIOETHCS SKICTh BUKOHAHHS MPAKTUYHUX 3aBJaHb, IPUKJIaTHE 3aCTO-

CyBaHHSI TEOPETUYHUX 3HaHb, KOPEKTHICTh PE3Y/IbTATIB Ta OO PYHTOBAHICTh BUCHOBKIB.
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5. KPUTEPIi OIITHIOBAHH S PE3VJIBTATIB HABUAHHS
3I0BYBAUIB

5.1 llIxana oiHIOBaHHA

Cywma 6auiB
3a HABYAJILHY Oninka

JiIbHICTH ECTS Oninka 3a HaNiOHAJBLHOIO IIKAJIO0I0
90 - 100 A Biaminno
82-89 B Hobpe
74-81 C HoGpe
64-73 D 3a/10BiJILHO
60-63 E 3a/10BiIBHO
35-59 FX He3ai0Bi1bHO 3 MOXJIMBICTIO IOBTOPHOT'O CKJIa/IaHHS
0-34 F He3sa1oBibHO 3 000B’ I3KOBUM IMOBTOPHUM BUBYECHHSIM JUCIIATLTIHA

5.2 Tabauns po3noaiiay 6aJis
MonayJs 1 Monayas 2
AynuropHa Ta camocTiiiHa poOoTa AynuropHa Ta camocTiiiHa poOoTa
TeopeTnunuii Kypc ITpakTryHa TeopeTuuHuii Kypc ITpakTyHa
(TecTyBaHH:1) poboTa (TecTyBaHH:1) poboTa

20 20 20 15

ITincyMKoBHIiT KOHTPOJIB (3aJIK): 25

Pazom 3 gucoumainm: 100

5.3 /leraJizaiiisi ol[iHIOBaHHA 32 MOAYJIAMU

Moayas 1 Mopgyasn 2
Tema Bup pobir K-Tpb 6anis Tema Bup pobir K-Tpb 6anis
Tema 1-2 [TPNel 10 Tema 5-6 [TPNe3 5
Tema 3-4 TTPNe2 10 Tema 7-8 TTPNe4 10
TecryBanns: 20 6anis TecryBanns: 20 6anis
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5.4 Kpurepii BuCcTaBJIeHHSI OIHOK
Oninka «A» (90-100 6a.iB):
* [mmboke po3ymiHHS (QyHIAMEHTAIBHUX MPUHIIUIIB PO3MOIiJIeHUX cucTeM Ta Teopemu CAP
* Be3noMHuIKOBO BUKOHAHI BCi pakTU4Hi podotu 3 PySpark ta Apache Spark
* Jloriune Ta OOTrpyHTOBaHe PO3B’ A3aHHS CKJIAIHUX 3a/1a4 3 0OPOOKHU BEJIMKUX TaHUX
* JleMOHCTpallisl aHAITUYHUX 31IOHOCTEH Ta TBOPUOTO MiIXOMy JO ONTHUMi3arlii
Ouninka «B» (82—-89 6aJiB):
 JloOpe po3yMiHHs apxiTekTypu Apache Spark Ta mpuHIMTIB pO3MOIiIEHUX OOUNCIICHb

¢ SIKicHe BUKOHAHHSA MPAKTUIHUX POOIT 3 MAIIMHHOTO HaBYaHHs B MLIib 3 He3HAUHUMH TTOMMUJI-

Kamu
* KopekTHe 3acToCcyBaHHS MOJIEJIeH y3rOIKEeHOCTI Ta BiIMOBOCTIMKOCTI
 JlocTaTHs MIMOWHA Ta TOYHICTh Y pO3pOOIT aHAJITUYHUX 3aCTOCYHKIB
Oninka «C» (74-81 6axiB):
* 3aJ0BUIbHE PO3YMiHHSI OCHOBHUX TEM KypCy
* BukoHaHHS NPAKTUYHUX POOIT 3 IESIKUMU MOMIIIKAMU
* Po3B’s13aHHS CTaHAAPTHUX 337a4 0e3 ICTOTHUX MpodsieM
* 3aJI0BiIbHE OOTPYHTYBaHHS BiAMOBIACH
Ouinka «D-E» (60-73 6a.xiB):
* MiHimasibHe pOo3yMiHHSI OCHOBHUX KOHLIETILif
* [IpakTuyHi poOOTH BUKOHAHI 3 3HAYHUMHU MPOTaIMHAMU
* Po3B’s13aHHS MpOCTUX 33724 3 MOMIJIKAMU
» CnaOke OOI'pyHTYBaHHS BiJINOBigei
Oninka «FX» (35-59 6aaiB):
* HenoBHe po3yMiHHSI TEOPETUUHOIO MaTepialy
* CyTTeBi HEJIOMIKM Y BUKOHAHHI MPAKTUIHUX POOIT
o [Tomwuiku nipy po3B’ si3aHHI 6a30BUX 3a7a4

* MoOXJIMBICTh IOBTOPHOI'O CKJIaJaHHA abo A0O0NpallOBaHHA
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Oninka «F» (0-34 0axiB):
HeanexkBaTHe po3yMiHHSI OCHOBHMX KOHIIEMIIii
HesikicHe BUKOHAHHS MPAKTUIHUX POOIT
HecrnipoMoxHICTh pO3B’ A3aTH HaBITh MPOCTI 3a/a4l

Bumarae 060B’ 13KOBOTO MOBTOPHOI'O BUBYCHHA )II/ICLII/IHJ'IiHI/I
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6. IIEPEJIIK KOHTPOJIbHUX 3AIIMTAHD 3 IUCHUAIL/ITHA

6.1 3anuranns 3 Moayio 1

1.

2.

10.

[ITo Take po3noaiiieHa cucrema? HaBeaiTh NpUKJIaAU NPAKTUYHOTO 3aCTOCYBAHHS.

Coopmymoiite Teopemy CAP Ta nOsACHITH ii 3HAUEHHS JJIS IPOEKTYBAHHS CUCTEM.

. SIki Mojesi y3rokeHoCTI JaHuX BU 3HaeTe? OnuiiTek eventual consistency.

. IIlo Take BiAMOBOCTIHKICTb Y po3MnoiieHuX cucteMax? OCHOBHI ITiJXOAMU.

[MosicHiTh apxiTekTypy Apache Spark Ta MPUHIIT JTIHUBUX OOYKCIICHb.

. fka pizauns mix RDD, DataFrame Ta Dataset y Spark?
. Onmiite ocHOBHI TpaHcdopmaii Ta aii (actions) y PySpark.

. Sk mpamoe Spark SQL Ta ki fioro nepeBaru?

Ha3giTh 0CHOBHI MeTO/IM ouuIlieHHs AaHux y PySpark.

[Ilo Take iHXkeHepist O3HAK Ta K BOHA peasi3yeTbcs B Spark?

6.2 3anuranns 3 MoayJo 2

1.

12.

13.

14.

15.

16.

17.

18.

19.

20.

$IKi OCHOBHI aJIrOPUTMH MAIIMHHOTO HaBYaHH#A AocTynHi B MLIib?

SIK CTBOpPHMTH Ta BUKOPHCTATH KOHBeep (pipeline) 0OpoOKHU gaHuX ?

[TosicHITh MpUHLIMIKM KJIacuikallii Ta perpecii B po3MoA1JIEHOMY CEpeAOBUILII.
[ITo Take KiacTepu3allisl Ta K BOHa peani3yeTscs B Spark?

Ha3BiTh METOIM OLIIHKY SKOCTI MOJIEJIEH MAIIMHHOTO HABYAHHS.

Sk po3po6stu BiacHi ¢gyHkiii (UDF) y PySpark?

OnumiiTe TEXHIKM ONTUMI3alii MPOAYKTUBHOCTI Spark-3aCTOCYHKIB.

[ITo Take MoHiTOpUHT Ta npodimoBanHs B Apache Spark?

SIKi pexuMu po3roptaHHs Spark-3aCTOCYHKIB BU 3HaeTe?

Sk BukopucroByBatu Docker aJis1 KOHTelHepU3alii aHAIITUYHUX 3aCTOCYHKIB?

21
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21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

SIk 3MIACHIOETHCST OCHOBHA poOoTa 3 PySpark s anamizy ganux?

Has3BiTh eTanu iHXeHepii 03HaK Ta MOOYI0BU KOHBEEpA 0OPOOKH.

SIk mpoBoaUTH MOOYAOBY MOJEJi MAIIMHHOTO HABYAHHS Y PO3MOALIEHOMY Cepe10BHILi?
[TosicHiTh mpoliec oNTUMI3allii Ta IHTepIpeTallii pe3yIbTaTiB.

Ski anroputmu KoHceHcycy Paxos Ta Raft Bu 3Haete?

Sk mopiBHIOBaTH apxiTekTypu Spark Streaming ta Apache Flink?

o Take mapaneni3M JaHUX Ta MOAeJeil y HaBYaHHI ITTMOOKUX Mepex?

OnuiiTe BHYTpilIHIO apxiTekTypy Spark: Catalyst Ta Tungsten.

SIki cyuacHi xmapHi narepau Service Mesh ta Serverless?

Sk 3a0e3reun Ty MacmTabOBaHICTh PO3MOIIJICHUX CUCTEM?
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7.4 Martepiajau JTUCHMILTIHA

* EnexTpoHHMII Kypc 3 TUCIMILTIHU «Po3MmoisieHi Ta mapasiesibHi CHCTeMU 0OYUCIIEHb» JOCTYITHUI
y CEH THTY iwm. . Ilymos, ID: 6843

» KoHcnekT siekiiii 3 quciuiuiiag «Po3mofiieHi Ta nmapaaeibHi CUCTEMH OOUYKCIICHb» IS 3]10-
OyBauiB TpeThOro (OCBITHBO-HayKOBOTro) piBHs BUIIOI ocBiT OHII «IHXeHepis mporpaMHOro

3abe3neueHHs» / Ykinanau: bperyc B.M. — Tepuonins: THTY imeni IBana Iymos, 2025 — 74 c.

* 30ipHUK MPAKTUYHUX POOIT 3 AUCHUILTIHU «Po3moisieHi Ta mapaneibHi CUCTEMU OOYMCIICHb»
IUIst 37100yBaviB TPEThOro (OCBITHHO-HAYKOBOTO) piBHs BHIIOi ocBitT OHIT «IHXeHepis mpo-
rpamHoro 3adesnedyeHHs» / Yknanad: bBpesyc B.M. — Teprnonisis: THTY imeni IBana Iymos,
2025 -32c.

7.5 PekoMeHI0BaHUH CIIMCOK JJISA MOIIHOJIEHOT0 BUBYEHHSI

e Jluis1 TeOpeTHYHOI MiAroTOBKHM: MaTepiaau KOHCHEKTY JIEKLINA Ta KJIaCU4HI IMiJPYyYHUKHU 3

posnoaiieHnx cucteM, reopemu CAP Ta aaroputMiB KOHCEHCYCY.

* Jluist IpaKTHYHOr O 3acTtocyBanHsi: Penosuropii Ha GitHub 3 roroBumu peamizauisamu Apache

Spark, NOpiBHSIbHI AOCIIIKEHHS apXITEKTYp Ta case studies 3 BEJIMKUX JaHUX.

o llna po3podku mpoekrtiB: [latacetn st 0OpoOKM BeJMKUX JaHuX, Python ekocucrema

(PySpark, MLlIib, pandas), Docker Ta Kubernetes a5t KoHTeliHepH3allii.

e Jlus aktyajbHol indpopMmanii: HaykoBi xypHayim Ta KoH(epeHIii 3 po3NoIiJIeHUX CUCTEM
(IEEE, ACM, USENIX), 6noru Databricks ta Apache Foundation.

e Jlna coemiamizamii y xmapuux texHodorisix: Jlokymenraniss AWS, Azure, Google Cloud

Platform, marepiaiu nnpo Service Mesh Ta Serverless apxiTekTypu.

3a3HaveHi MaTepiaju MOKHA 3HANTH y:
 bi6moreni THTY im. L. ITymos;
* EnexTpoHHuX 0a3ax gaHux IHTepHery;
* HaykoBomy karanory YJIKoun (UNILIB);

» CaiToBiii cuctemi mutyBanHs Google Scholar.
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